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Abstract —The banking industry is vital for the economy of a country. Based on that, the information about the level of health of the
banks is required as a reflection of the condition of the bank for all the relevant parties, namely the owners of the bank (the
stakeholders) and bank managers, investors, customers, and the Government/central bank as regulator, supervisor of banks that
existed in Indonesia.To make it easier for customers and related partiesin knowing the best banksin Indonesia, required system rating
is assessed based on the level of health. Health assessment of Risk factors measured by bank Profile, Good Governance, Coor porate,
Earning and Capital (RGEC) and methods of promethee. The purpose of this research is to know the order of ranking of the banks
resulting from the method of Promethee M ethod and RGEC, and to know its accur ate results from both methods. The data used are of
financial statementsin the year 2015, released in 2016 from four banks from the bank group has assets above 30 trillion (BUKU4) and
10 banks from the bank group has assets of 5 trillion to 30 trillion (BUKU3). The ranking results using both of these methods are
significantly alike. It is because the value of probability with the Friedman test is 64 for BUKU4 and 108900 for BUKUS3, both have
greater value equal to the critical value table chi-square with the value of the degrees of freedom (DF) 1 and a = 5% i.e. 3.84. It shows
the order of rank banksbased on the level of health of a bank by using Promethee method RGEC and is accur ate.

Keywords — Promethee; RGEC; Health of the bank; Ratingulti Criteria Decision Making.

I. INTRODUCTION Based on Article 1 of the Banking Act No.10 / 1998
_ _ _ banks are defined as business entities that cdilads from
Promethee methods included in the technique of the public in the form of savings and channeledttte

multiple-Criteria  Decision Making (MCDM)-which has community in the form of credit and other formsoirler to

been widely used by scholars and researchers ipleting improve the standard of living of many people [She

their research problems in decision-making, sortiagd Bank is a financial intermediary institution than i
made the rankings [1],[3], [4], [6], and [7]. Inishstudy, conducting its business activities depends on puinds

Promethee method used to make the ranking of banks and trust [10] [20]. This explains that if thereaislisruption
Indonesia based on the health level of the bank. rébults to the banking sector then it can have a major ahpa

of the ranking from promethee method and RGEC atgth public confidence, monetary stability and econogriowth

then analyzed by Friedman test to see existing lgab,to of the country.

convince the decision maker with the ranking resu$ted. ) ) o
The existence of banks and knowing the health ¢immdi

The role of banks in advancing the economy of atrgu of the banking is needed for the government, tmaroonity
is enormous. Almost all sectors of life relatedfitmance, and the bank itself. Bank health is a reflection tbé
heart of the economy [2]. of banks by Bank Indonesia. Banks with a healtledjmate

will certainly gain greater customer trust than emlthy
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banks [18]. The health assessment of a bank canbas
used as a consideration to know the shortcomings or
advantages of an aspect in the banking systemdardo
make improvements in the future [21]. Based on ¢his be
another reason how important to know how the health
condition of a company especially for financialtingions.

The regulation of Bank Indonesia No. 1/13/PBI/2011
contains an assessment of the level of health bliggbank
with the approach of the risk (Risk Based Bank mgtthat
includes an assessment of the four factors, icofa Risk
Profile (risk profile), Good Governance, Coorporatning
(earning ratios), and Capital (capital) which igdieafter
referred to as the RGEC [17] [19].

The output of the health assessment of banks, én th
form of statement of "unhealthy", "less healthyQuite
healthy", "healthy" and “very healthy”, just wardt know
when a bank is healthy or not, surely that's enougput,
but it is not enough and it's hard to know the ramk
position of bank health level compared to otherkisaim

Indonesia.

The object of this research are banks in Indonagiich
entered in BUKU3 and 4. List of banks included idiJ3
is a bank that has a core capital 5 trillion tot!30on, there
are 10 banks in the BUKU3, and for maintaining the
confidentiality of the company then in this reséatbe
banks called BO01, B0O02, BO03, B004, BO05, BOO6)BO
B008, BO09 and B010 [16]. Banks in BUKU4 called twit
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A001, A002, A003 and A004. 14 the Bank chosen is
determined using the method of purposive sampling o
sampling was chosen because certain considerations.
(Mustafa 2000). Such considerations, namely (1ublip
bank (commercial bank), (2) not including Islamianks,

(3) the bank that issued the financial statemeortshfe year
2015. Of the many banks that meet these critealeen 14
banks to provide a sample of the object of research
Financial ratio data retrieved from archives of lban
Indonesia and the financial services authority witte
address www.ojk.go.id. Data downloaded on 1 Decembe
2016.

The financial statements for the year 2015 of tHe 1
banks analyzed to find out the level of wellnessusing
approaches me dote RGEC then do the calculations to
obtain the results of the perangkingan with thehoetof
promethee. The results of the analysis will theptesented
in the form of ratings. Results from both methods then
analyzed again by using the Friedman test.

IIl. MATERIALS AND METHODS

This type of research is a type of research corepasi
or differences. This type of research aims to camphe
two research groups, and in the case of this relsemas to
compare the results of the ranking method usingnetbee
method and RGEC.

Result

-Global Scores,
-Partial Scores
-Rating

Hasil rating promethee dan
RGEC dibandingkan dengan
melakukan uji Friedman
(validasi)
Result

-Global Scores,
-Partial Scores
-Rating

Evaluasi Hasil perbandingan

Figure 1. The design stages of research
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A method of data analysis in this research is Heviis,
each of the banks from both groups rated the lef/bkalth
risk-based (Risk-based Bank Rating). After the datae of
a bank's health level is obtained, then do theutations to
obtain the results of the ranking with promethe¢hoe and
RGEC. The result of the process of ranking by ubioth of

these methods are analyzed using the test statistic

"Friedman (Friedman test) to find out the relatlips
results from the two methods.

I1l.  RESULT AND DISCUSSIONS

A. Calculation with RGEC method

The first step, the classification of a compositng for
each criterion based on the ratio of RGEC. Themitéra
calculated according to whether the regulation @hiB
Indonesia. Assessment of GCG is the qualitativessssent
undertaken by the concerned bank (self-just mysassent)
so that these factors are not examined [8]. Eatib ia
classified in the appropriate regulations of congastings
of Bank of Indonesia. The following matrix compesit
rating assignment criteria to each factor foreig6HT,
source: SE Bl number: 6/23/DPNP dated 31 May 2004.

TABLE 3. ASSETS RETURN OF ASSETRANKING MATRIX

Rank Description Criteria
1 Very healthy ROA>1,5%
2 Healthy 1,25%<ROA1,5%
3 Quite Healthy | 0,5%<RO#1,25%
4 Less Healthy 0%<R0O#0,5%
5 Unhealthy ROA0%

TABLE 4. RETURN OF EQUITYRANKING MATRIX

Rank Description Criteria
1 Very healthy ROE>20%
2 Healthy 12,51%ROE<20%
3 Quite Healthy | 5,01%ROE<12,5%
4 Less Healthy 0%ROE<5%
5 Unhealthy ROE<0%

TABLE 5. NET INTERESTMARGIN RANKING MATRIX

TABLE 1. THE CREDIT RISk COMPONENTRATING MATRIX Rank Description Criteria
1 Very health NIM>5%
Rank Description Criteria i y 0
2 Health 2.01%<NIM<5%
1 Very healthy <2% y - =70
3 Quite Healthy | 1.51%<NIM<2%
2 Healthy 2%-3,5%
- 4 Less Health 0%=<NIM<1.49%
3 Quite Healthy | 3.,5%-5% y °
5 Unhealth NIM<0%
7 Less Healthy | 5%-8% y °
5 Unhealthy >8%
TABLE 6. MATRIX CRITERIA FORRANKING OF CAPITAL FACTOR

TABLE 2. THE LIQUIDITY COMPONENTRATING MATRIX Rank Description Criteria
Rank Description Criteria L Very healthy KPMM>12%
1 | Very healthy R.LDR=75% 2 Healthy 9%<KPMM12%
2 Healthy 75%<R.LDR85% 3 Quite Healthy |  8%<KPMM9%
3 Quite Healthy | 85%<R.LDR<100% 4 Less Healthy 6%<KPMNB%
4 Less Healthy | 100%<R.LDR<120% 5 Unhealthy KPMM6%
5 Unhealthy R.LDR>120%

Below is the classification stage of the bank'slthea
calculation ratio, for AO01 bank code sample, basedhe
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bank's 2015 financial statements, with the samessapply
to other samples.

TABLE 7. COMPOSITE RATING OF BANK CRITERIA FOR BANK CODE

A001

Criteria | Value ratio Composite rating
NPL 2.70 2 (Healthy)
LDR 87.8 3 (Quite Healthy)
ROA 2.60 1 (Very healthy)
ROE 17.2 2 (Healthy)
NIM 6.20 1 (Very healthy)
CAR 195 1 (Very healthy)

The next step is the determination of the scoredas
the composite rank for each criterion, the scorigfgrence
can be seen in Table 8. With the following detattse
composite rank 1 (very healthy) gives a score othe,
composite rating 2 (healthy) gives a score of 4¢ th
composite rating 3 (Moderately healthy) was givescare
of 3, a composite rating of 4 (less healthy) waggia score
of 2, and a composite rating of 5 (unhealthy) wa®mg a
score of 1.The final stage is the score for all shenmed
criteria to determine the composite rating of &k tbanks
that are the object of the study.

TABLE 8. SCORING FOR BANK CODEAQ01

Criteria Valueratio| Composite rating Score
NPL 2.70 2 (Healthy) 4
LDR 87.8 3 (Quite Healthy) 3
ROA 2.60 1 (Very healthy) 5
ROE 17.2 2 (Healthy) 4
NIM 6.20 1 (Very healthy) 5
CAR 195 1 (Very healthy) 5

The Amount Of Score 26

Based on the number of scores obtained for eack ban

for RGEC ratios, it can be determined bank condgjo
according to the composite rank range with theofeihg
details, the number of scores 25 to 30 goes in® th
composite rank 1 with the predicate "very healthyie
score 19 to 24 in. Into the composite rank 2 witle t

predicate "healthy", the number of scores 13 tcedtred
into the composite rank 3 with the predicate "Healt
enough”, the number of scores 07 to 12 entered timo
composite rank 4 with the predicate "less healthig
number of scores 01 to With 06 entered into the pusite
rank 5 with the predicate "unhealthy".The resulfsttee
assessment of the level of health of banks withenRGEC
method can be seen in table 9 and table 10.

TABLE 9. THE AMOUNT OF SCOREBUKU4

Bank code Amount Of | Rank Predicate
Score
A001 26 1 Very healthy
A002 27 1 Very healthy
A003 27 1 Very healthy
A004 29 1 Very healthy

TABLE 10. THE AMOUNT OF SCOREBUKU3

Bank Amount Of Rank Predicate
code Score

B0OO1 20 2 Healthy
B002 26 1 Very healthy
B0O3 23 2 Healthy
B004 20 2 Healthy
B0O05 24 2 Healthy
B006 21 2 Healthy
B0O7 25 1 Very healthy
B008 26 1 Very healthy
B009 26 Very healthy
B010 27 1 Very healthy

Base on the calculation results obtained bank inke
based on the number of score obtained, the higtmres
means the better. The order of the rankings oldaame as
follows, for banks including book 4: (1) bank coA804
with a score of 29, bank code A002 and AOO3 haséme
score namely 27 ranks with rank (2) and (3), foueth
occupied by A001 by a score of 26. For banks that a
included in the book 3 obtained the results offtilwing
order: (1) by a score of 27 B010, (2) by a scor@®fB002
(3) BO0O8 with a score of 26, (4) with the score BJ09,
B0OO7 (5) with a score of 25, (6) by a score of Ba05 (7)
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B003 with a score of 23, (8) BO06 with a score bf B0O01
(9) by a score of 20, and (9) B004 with score 20.

B. Calculation with Promethee method

Steps analysis of the health of a bank by using the
method of promethee are: (a) enter a value NPb,rabR,
ROA, ROE, NIM and CAR for any sample bank, (b)
calculate the difference between the value of thté rof
NPL, LDR, ROA, ROE, NIM, and CAR against certain
criteria interbank, (c) Calculate the function grehces
between samples, (d) Calculate the aggregate &mcti
preferences, (e) Calculate the value of leavingvflgf)
Calculate the value of entering flow (g) calculabe net
value of the flow. From the calculation of the abéal score
recap or value criterion consists of the NPL, LOFOA,
ROE, NIM and CAR for any sample banks are as in the
table below [11] [12] [13] [15].

TABLE 11. RECAPITULATION NUMBER OF SCOREBUKU4

Bank Score of Criteria Amount
code | NPL | LDR | ROA | ROE| NIM| CAR/| of score
A001 4 3 5 4 5 5 26
A002 4 3 5 5 5 5 27
A003 4 3 5 5 5 5 27
A004 5 4 5 5 5 5 29

TABLE 12.RECAPITULATION NUMBER OF SCOREBBUKU4

C. Calculate the value of between

sample/alternative

preferences

At this stage, do a comparison between one samigte w
another sample for each of the criteria, the Bankha next
sample will be referred to by the term alternatiVidne
comparison of the obtained by way of subtractireythlue
of the first alternative with the second alternatithen
calculated the value of preference in accordandé thie
type of preference is used [4] [9]. If the resultstained
from the difference between both the smaller valgeal to
zero (0), then the value of the preference of Hgdero (0),
and if the result value is greater than zero {®ntthe value
of the prefernsi H (d) is one (1). To compute thectional
preferences between sample equations are as follows

Pij (i,I") = Rij — Ri'j, jika Rij > Ri’]
Pij (i,i") = 0, jika Rij < Rij
Description:
Rij = Data sample kriteriaj

from recapitulation number of score of Bank BUKU3
and BUKU4 functions, calculated preference between
samples. For more details of her can be seen in the
calculation below, as an example of the calculabeiow
for sample comparison A001 and AOO2.

Example : NPL(A001, A002)
d= NPL(A001) — NPL(A002)

Bank Score of Criteria Amount d=4-4
Code | NPL | LDR | ROA | ROE| NIM| CAR/| of score _
BOOL| 3 | 3 2 2| 5| 5] 20 d=0
B002 5 3 5 3 5 5 26 maka H(d)=0
B003 4 3 4 3 4 5 23 ] . .
BOOZ | 2 3 2 2 4 5 20 With the same steps, will be obtained as a funaticthe
B0OO5 4 2 5 4 4 5 24 value of the preference between samples from allhef
BO06 | 3 3 3 3 4 5 21 criteria.
B0OO7 4 3 4 4 5 5 25
B0OOS 3 4 5 4 5 5 P56 TABLE 13. THE RESULTS OF THE CALCULATION OF THE VALUE OF THE
BO09 | 4 3 5 4 5 5 26 PREFERENCE BETWEEN THE SAMPLBUKU4
B0O10 4 3 5 5 5 5 27
NPL | LDR ROA | ROE | NIM CAR
Because the data obtained are already converted to[ aAp01, A002 0 0 0 0 0 0
composite ranking so that the resulting value izaaly
normal, then no need for normalizing the data again A001, A003 0 0 0 0 0 0
A001, A00O4 0 0 0 0 0 0
A004, AC03 | 1 1 0 0 0 0
Vol. 5 No. 2 September 2017 ISSN: 2509-0119 57
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TABLE 14.THE RESULTS OF THE CALCULATION OF THE VALUE OF THE
PREFERENCE BETWEEN THE SAMPLBUKU3

NPL LDR ROA ROE NIM CAR
B0OO1, BOO2 0 0 0 0 0 0
B0O1, BOO3 0 0 0 0 1 0
B0OO1, BOO4 0 0 0 0 1 0
B010, BOO9 0 0 0 1 0 0

D. Count aggregate function preferences

The next stage is to calculate the aggregate fumcti
preferences obtained from the sum of weights oftctiteria
multiplied by the value of the function preferentetween
samples. as for the formula or equation to be useds

follows:

7 (i,i) = ZW_

Description:

=

Pj =the value of the function preferences

Wj = the weighting of criteria

m
P (L y
AL JIZJ__AW

Following the example of the calculation of the amib
of preference functions aggregate weighting theea
multiplied by the value of the function of prefeces,
because the same criteria weights for each of theria

then the value of the aggregate function preference
obtained from the total value of the function ofeth
preferences of the NPL, LDR, ROA, ROE, NIM and CAR
for any sample bank is divided by the number dida, in
this case the number of criteria is 6 which is cosga of
the NPL, LDR, ROA, ROE , NIM and CAR. The following
is an example of the calculation of the aggregatetion
value seeking preferences sample comparison AO@L an
A002.

7 ( A001, A002) = Q+0+0+0+0+0) /6 = 0.0000
With the same steps, will aggregate value function

obtained as a preference between samples fromf dheo
criteria.

TABLE 15.THE RESULTS OF THE CALCULATION OF THE VALUE OF THE
AGGREGATE PREFERENCES BETWEEN THE SAMPIBANK OF BUKU4

TABLE 16. THE RESULTS OF THE CALCULATION OF THE VALUE OF THE@GREGATE PREFERENCES BETWEEN THE SAMPBANK OF BUKU4

B0O02 | B003 | BO04| BOO5 B006 B0O7 B0OOB B009 B010
0.1667 0.166f 0.3333  0.1667 0.0000  0.0000.0000| 0.0000
0.6667 0.500p  0.5000 0.3333  0.1667  0.1660.1667
BOO3 | 0.5000 0.1667 0.3338  0.0000 0.1667  0.0000  0.0000
B004 | 0.1667| 0.0000 0.1667  0.000p  0.1667  0.0000  0.0000
BOOS | 0.5000| 0.1667] 0.3333 0.1667  0.166f  0.0000  0.0000
BOO6 | 0.3333| 0.0000 0.000p  0.3333 0.0000| 0.000d  0.000p  0.0000
BOO7 | 0.5000| 0.16677 0.3333  0.5000  0.33 0.1667| 0.000Q  0.000p
BOO8 | 0.5000| 0.3333 0.666f 0.6667 0.3333  0.6¢ 0.1667
BOO9 | 0.5000| 0.16677 0.500p 0.5090  0.3333  0.6667  0.1667 1660.
BO10 | 0.5000| 0.1667 0.5000 0.5000 0.50p0  0.6667  0.3333333G.
JMLH | 40000 1.0000( 3.0000| 4.0000| 2.8333| 4.3333| 1.3333| 1.3333
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E. Calculate flow entering and leaving flow

1. Leaving (positive) flow

The value of leaving flow is taken from the resultghe
calculation of the aggregate function preferencéded to
each row (horizontal) and then split 3 (as manythas
number of samples minus one) for a sample of Bopk 4
while for the sample book 3 the calculation resfltthe
aggregate function preferences added
(horizontal) then divided 9 (as many as the numbfr
sample minus one). The formula or equation to leel is as
follows:

pt () = ! F n(i, i),
n— IZL

=1
Description :

n = number of samples

The following is an example of the calculation \eddor the
leaving flow sample AOO1.

@ *(4001) = x (0.0000 + 0.0000 + 0.0000)

= 0.0000

With the same steps, the value obtained will beitep
flow for all samples.

2. Entering (negative) flow

The value of Entering flow is taken from the resuof
the calculation of the aggregate function for eagfregated
preferences columns (vertical) then split 3 (as ynas the
number of samples minus one) for a sample of Bopk 4
while for the sample book 3 the calculation resfltthe
aggregate function for each aggregated preferecaasns
(vertical) then divided 9 (as many as the humbegamhples
minus one). The formula or equation to be usedss a
follows:

Description:
n = number of samples

The following is an example of the calculation \edor
the leaving flow sample AOO1.

@~ (4001) =ﬁ x (0.1667 + 0.1667 + 0.5000)
=0.8333

to each row

With the same steps, the value obtained will beiten
flow for all samples.

3. Net outranking flow

The value net value obtained from outranking legvin
flow minusi flow entering values. The sample withet
greatest or highest outranking value will occupeg tiop
position in the rankings.

The formula or equation used
outranking flow is as follows:

(i) =@t (D) — @ (D

in calculating net

Description :
@* (i) = value of Leaving Flow
@~ (i) = value of Entering Flow
The following is an example of the calculation elues
of sample outranking A001
»(i) =0.0000 - 0.2778
=-0.2778

With the same steps, the value obtained will beeta n
outranking flow for all samples.

TABLE 17.THE VALUE OF NET OUTRANGKING FLOW SAMPLE BANK

OoFBUKU4
Leaving | Entering | Net OutRangking
Flow Flow Flow
A001 0.0000 0.2778 -0.2778
A002 0.0556 0.1111 -0.0556
A003 0.0556 0.1111 -0.0556
A004 0.3889 0.0000 0.3889

TABLE 18.THE VALUE OF NET OUTRANGKING FLOW SAMPLE BANK

OFBUKU3
Leaving | Entering | Net OutRangking
Flow Flow Flow
BOO1 | 0.0926 0.4444 -0.3519
B0O0Z | 0.3889 0.1111 0.2778
BOO3 | 0.1667 0.3333 -0.1667
B004 | 0.0741 0.4444 -0.3704
BOO5 | 0.2407 0.3148 -0.0741
BO0O6 | 0.0926 0.4815 -0.3889
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BOO7 | 0.2963 0.1481 0.1481
BO08 | 0.4259 0.1481 0.2778
BO09 | 0.3333 0.0556 0.2778
BO10 | 0.4074 0.0370 0.3704

4. Results rank with PROMETHEE method

5. Friedman Test

Based on both the results of the following rankicgs
be seen that by using method perangkingan RGEC
Promethee and had the same results for BUKU4, vibile
the Bank Group in the BUKUS3 there is a difference.
Friedman test will be used to analyze patternsesilts
from both methods.

TABLE 19.RESULTS RANK WITHPROMETHEEMETHOD :BANK OF

TABLE 21.RESULTS FROM BOTH METHODS WITH SAMPLBBUKU4

BUKU4
Ranking Sample Net OutRangking Flow
1 A004 0.3889
2 A002 -0.0556
3 A003 -0.0556
4 A001 -0.2778

Method
Sample
RGEC Promethee
A001 4 4
A002 2 2
A003 3 3
A004 1 1

From calculations using Promethee method obtaihed t
order as indicated in table 19 The rank was ficstupied by
samples or alternative A004 with NetOutRangkingueal
0.3889, it showed that the best alternative is A004

TABLE 22.RESULTS FROM BOTH METHODS WITH

SAMPLE BUKU3
Method
TABLE 20.RESULTS RANK WITHPROMETHEEMETHOD :BANK OF Sample
BUKU3 RGEC | Promethee
- - B001 8 9
Ranking Sample Net OutRangking Flow
1 B010 0.3704 B002 2 2
2 B002 0.2778 B003 7 7
3 B008 0.2778 B0O4 9 10
4 B009 0.2778
B005 6 6
5 B0O7 0.1481
6 B0O5 -0.0741 BOO6 10 8
7 B003 -0.1667 B0O7 5 5
8 B0OO1 -0.3519 B00S 3 3
9 B004 -0.3704
10 BOO6 10.3889 BOO9 4 4
B010 1 1
From calculations using Promethee method obtaihed t
order as indicated in table 20. The rank was fistupied
by samples or alternative BO10 with NetOutRangkiafye
0.3704, it showed that the best alternative is BO10
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Ho: ranking of promethee and RGEC method differeminfr

each other.

H;: ranking of promethee and RGEC method the same

Reject H if M = Critical value diz = 5%

132

k(41

Description:

k = number of columns

n = number of rows

Y RYj—3n(k +1)

Rj = total ranking of each column

TABLE 23. FRIEDMAN TEST SAMPLEBANK BUKU 4

Method
Sample
RGEC Promethee
A001 4 4
A002 2 2
A003 3 3
A004 1 1
Rj 10 10
RYj 100 100
k 2
n 4
> R 100 + 100 = 200
12 12
nicCic + 1) ix2x3 07
In(k +1) 3x4x3=36
Friedman test (M) 0.5x 200 x 36 = 64

TABLE 24. FRIEDMAN TEST SAMPLEBANK BUKU 4

Method
Sample
RGEC Promethee

B0OO1 8 9
B002 2 2
B0O03 7 7
B004 9 10
B0OO05 6 6
B0O06 10 8
B0OO7 5 5
B0O08 3 3
B0O09 4 4
B0O10 1 1

Rj 55 55
Rj 3025 3025

k 2

n 10

S 3025 + 3025 = 6050
12 12
nicCc + D 0x2x3
In(k +1) 3x10x3=90
Friedman test (M)| 0.2 x 6050 x 90 = 108900

The value of M compared with the values in thedadfl
chi-square distribution (x 2) and degrees of freedo
(df) = k-1. In this study, the value of k = 2, detvalue of
the degrees of freedom (df) used in the test tablehi-
square distribution is 1. Critical value in the laMo the
value of chi-square degrees of freedom (df) 1 @rd5% is
3.84. The value of M critical value, so that HO is rejected.
The value of M from bank sample BUKU4 = 64. and the
value of M sample bank of BUKU3 = 108900, both We
value greater than the value of the critical vagé > 3.84
and 108900> 3.84) So, the conclusion from this study is
that the results are ranked by the promethee megmod
with RGEC method had the same results, meaning the
results rankings using RGEC and Promethee is aecura

Vol. 5 No. 2 September 2017

ISSN: 2509-0119 61



Multi Criteria Decision Making for Bank Rating Based on Health Level of Bank

IV. CONCLUSION

Based on this study it can be concluded that thkimg
of several banks in Indonesia in the Group banBWKU3
and BUKU4 in terms of the level of health of a bamk
using promethee method and RGEC method generating
sigifikan the same rank.

With different measures, both those methods aratidap
of producing nearly the same decisions.

V. RECOMMENDATION

In this study the number of samples that are nothmu
used mainly on the bank group is at BUKU3 so istif
easy to do the calculation manually, but to san®len
more advisable to use an application or softwaae ¢hn do
the calculation promethee method and RGEC method
quickly and accurately.
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